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1. Abstract: islower.billions of viewers from across the

Ipl is a most famous league in India as well as all
overthe world.Nowadays T20 format of cricket game
ismostly enjoyed by the viewers.A tournament
namedIPL which a T20 format hasbeen one of the
reasonsforgrowthofT20formatofthisgame. Theexpertsus
edto call cricket as a funny game as anything can
happenin this form of cricket.In our project we are
going toanalyzewhichteamhasmajorityofchances
inwinning.Someofthemajortechniquesusedinourproject
sareSVM, logisticregression,KNN,decisiontree,etc.fina
Ily,theconclusiom,based upon which thealgorithm
gives the accuracy .decision tree and logisticregression

had given a accuracy over 89%and 97%respectively.

2.INTRODUCTION

Machinelearningisabranchofbroaderfieldofartificiali
ntelligencethatmakeuseofstatisticalmodelstodevelop
prediction.Inbasictechnicaltermsmachinelearninguse
salgorithmsthattakesempiricalor  historical  data
in,analyzeit,and generate outputbased on that
analysis.The main aim is to identifynecessary
parameters that influence the outcome ofthematch
and choose best machine learning modelthatfits the
data and provides good outcome.Somework is
published in this domain of forcasting thematch
outcome.Since only a few important

factorsareusedtoforecastincertainpapersbuttheaccurac

y

globewatchthet20cricketCompetionknownasiplinindi
a.there is a exciting and thrilling expectationsaround
every match in a leaguewhich consists
someoftopcricketplayersintheglobe.withthedevelopm
ent of aritifical Intelligence and
machinelearningltisnowadaysmoreinterestingamong
peopletopredicttheresultofthematchherwwewilltalka

bouthowtoanalyzethewinningteamoftheipl3.LITER

ATURESURVEY

Considering many strategies and variables that must
beconsidered during the procedure, we have
discoveredthat techniques such as random forest,
support vectormachines were not exploited completely.
They
createdandverifiedamorevirtualtechniqueforpredictings
coreswithgreaterpossibilityinthisresearch.Wecollected
dataset from the last year and checked theprobability
from these models. Ravindra and
Azeem[1]useddatafromIPLofficialwebsitetoexecutethis
document.Sincethedatahasalotoffeatures,welookedintoit
andpickedoutafewmostimportantones.Jaiswal[2]
provides the idea for developing a
predictionsystemwhichusespreviousdatatocheckwhethe
rupcoming ipl matches will be won or
lost. Ananda[3]foundtheDuckworthlewismethodandtells
theAccurateness.Shilpi,Sujal ,Jayash[4] analyze the
winnerofthematchusing3differentMLalgorithmstechniq

ue.Varder[5]gotthetechniquethesplittingisthe
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bestapproachtoanalyzethe winnerofthematch

4. EXISTINGANALYSIS

Intheexistingsystemanalusisthereisaformulaavailableto
avail the projected score and a win analysisbased on the
winning percentage of a poll and teams.These
methodswill not give exact outputs because theyare
based onassumption and predictions based on
aparticularinstant. Theformulatoavailatprojectedscoreisg
ivenasfollows:

Projectedscore = current run rate* overs in
aninnings

DISADVANTAGE:

Themeanprecisiongainedfromfollowingthegivenmethodi
sveryless.

5.PROPOSEDANALYSIS

The main goal of our project is to predict the runs
usinglabeled data.Huge amount of data has to be
analyzed inorder to get accuracy and sothefirst step
inachievingthe  purposeis to collect dataof all
iplmatches.Datawhichgivescompleteinformationabouteac
hiplmatcheswere collected.The attributes is gathering
information
ofalliplmatcheswhichusesfewamountofcoreknowledge.

ADVANTAGES:

1.)DecisionTreeisoneofthesupervisedlearningAlgorithms
thatisusedforRegressionaswellasclassification

2.)Random forest is supervised learning method. In

theRandomforestclassifier,ifthenumberofthetreesismoreth
entherewillbebestaccuracyforthemodel.

6. METHODOLOGY

1.1. LOADINGTHEDATASET

Thedatasetismatches.csv(IPLMatchesdatafrom2008

t02023)whosesizeis2,08,060bytesanditistakenfromthe
Kaggle Repository. The number of attributes is
20andtotalnumberofrecordsis686.

1.2. DATAPRE-PROCESSING

DataPre-
Processingisimportantinmachinelearning. Ittransforms
raw data as a useful data format. Mostly it isused as a
primary step for Data Pre-
Processingtransformthedataintoaformat for

cleaning the data.

errorfreeprocessingfortheclassification.

1.3FEATURESELECTION

Featureselectionisthenextstepwhichistheuseofpa
rticularparametersinthedatasettomaximizeefficie
ncy.Anothernameoffeatureselectionisalsoknown
asvariableselection.

7.ARCHITECTUREOFPROPOSEDSYSTEM:

| Dataset Selection |
i —b-l Boruta |
I Feature Selection |——>| Importance |

—PI Decision Tree

Random Forest

| N

Data Mining Techniques |—
—D-I Naive Bayes

4>| K-Nearest Neighbor |

v

Analysis of Results |

v

Analysis Measures:
Precision, Recall,
sensitivity and Accuracy

DATASETSELECTION:

A machine learning dataset is a collection of data that
isused totrain the model. A dataset acts as an example

toteachthemachinelearningalgorithmhowtomakepredictio
ns.



FEATURESELECTION:

Featureselectionisalsocalledvariableselectionore
attributeselection. Itistheautomaticselectionofattributesiny
our data(suchas
columnsintabulardata)thataremostrelevant
tothepredictivemodelingproblemyouareworkingon.

DATAMININGTECHNIQUES:

Dataminingincludestheutilizationofrefineddataanalysisto
previously
patternsandrelationshipsinhugedatasets.

ols to find unknown, valid

It includes:

DataSource,SoftwareFramework,Graphical
Interfacegraph,LinearRegressionAlgorithm,ChartPlot.

ANALYSISOFRESULTS:

Aftertheselectionofdataset,featureanddatamini

ng Techniques,theresultsareanalyzed.

ANALYSISMEASURES:
Finally analysis measures such
asPrecision,Recall,Sensitivityand
Accuracyaretaken.
8.WORKING

A).READINGTHEDATASET

match id inning batting team bowling team over ball batsman non striker

Royal

Sunrisers N DA
L 1 t 11 "
0 Hyderabad Challengers o S Bhawan
Bangalore
Royal
Sunrisers DA
1 1 hal 1 h
1 Hyderabad Challengers 2 e S Dhawan
Bangalore
Royal
2 1 1 SUnfiSers  plengers 1 3 DA ¢ Ohawan
Hyderabad Warner
Bangalore
Royal
Sunrisers DA
. ! T yderabad  Chollenges 1 4 . SDhawan
Bangalore
Royal
Sunrisers DA
1 ) i
4 1 Hyderabad Challengers 1 5 ormer S Dhawan
Bangalore

In thiswereadthedatasetusinghead()function
andthecommandusedis:

df.head(10)

B).GROUPBATSMANACCORDINGTO
MATCHES

Inthiswewillgroupallthebatsmanaccordingtotheir

matchesplayed

season match id inning

C).GROUPBOWLERSACCORDINGTOSETOFD

ATA

season matchid inning

o Inthiswewillgroupthebowlersaccordingtothes
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E).EXPLORATORYDATAANALYSIS
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e In this we will analyze and explore the dataset
using statisticalmethods and the describe()
method is used for
EDA (ExploratoryDataAnalysis)

9. TECHNOLOGIESUSED

A. JupyterNotebook-
Fordesigningfrontendofwebpage.

B. Netbeans-Fordesigning the back endof
thewebpage.

C. MsExcel-Forcollecting datasets.
10. CONCLUSION

Our project helped us a lot in learning machine
learningconcepts.Analyzing a winner in ipl is
challenging ~ whichinvolves  very  complicated
process.But with the help
ofMachineLearning,itcanbemadeeasier.Inourpaper,sever
al factors have been found that provide a

waytotheoutcomeoflplmatches.
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